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What exactly do we mean by impacts?

And why are they important to study?
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Understanding the Impacts of MLTCs
A complicated network... more than the sum of its parts

Polypharmacy

Physiological/biological interactions

Healthcare co-ordination
Symptoms limiting 
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PositionWhat about socioeconomic 
influences?
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Socioeconomic Inequality in Impacts
Current Evidence

Three types of inequality in the impacts of MLTCs

1. Cumulative – Impacts of MLTCs and social factors add together

2. Multiplicative – Social factors exacerbate impacts of MLTCs

3. Levelling – MLTCs level out inequality in impacts 

Results differ due to data, population, and methodological differences 

(especially how MLTCs are defined and measured!)
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Research Aims

1. Group older adults into distinct and clinically meaningful clusters based on their LTCs

2. Investigate the impacts of these clusters on hospital admissions

3. Explore socioeconomic inequality in the impacts of clusters
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Data
English Longitudinal Study of Ageing (ELSA)

A nationally representative cohort study of community dwelling older adults 
(50+) in England (N=9886)

Hospital Episode Statistics (HES)

Linked NHS hospital admission data 2008 (baseline) – 2018 (N=7908)

11,433 emergency admissions

26,659 elective admissions
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Methods

 What patterns of MLTCs are present in the data?

Latent Class Analysis (LCA), 20 LTCs

 How are clusters associated with hospital admissions (elective and emergency) and mortality?

Negative Binomial Regression Models

Cox Proportional Hazards Regression

 Does socioeconomic position modify these relationships?

Consider interactions between wealth and cluster

Stratify analysis by wealth (household level)
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• Underlying latent class (cluster) which 

drives the development of observed 

variables (LTCs)

• Popular person-centred approach in MLTC 

research (40+ studies since 2020)

• Interpret clusters using probabilities 

(condition and person)

... somewhat subjective
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Multiple Cardiometabolic LTCs -
Hospital Admissions and Mortality
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Impact of MLTCs on 
elective admissions varies 
by wealth

Impact of MLTC clusters on 
elective admissions is 
reduced among highest 
wealth group

*Models adjusted for age, sex, ethnicity, education, cohabitation, smoking, physical activity

Predicted number of ELECTIVE admissions over 
follow-up stratified by wealth group
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Predicted number of EMERGENCY admissions over 
follow-up for MLTCs clusters and wealth

Impact of MLTC clusters on 
emergency admissions did 
not vary by wealth 

All MLTC clusters ↑

Relatively healthy ↓

Lower wealth ↑

*Models adjusted for age, sex, ethnicity, education, cohabitation, smoking, physical activity
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Main Takeaways
1. MLTCs are rule rather than the exception among older adults

2. The challenges of MLTCs are unique... We need to consider how conditions are 

interacting with each other and wider social factors

3. MLTCs are not random, common clusters have been found across studies

4. Evidence of potential inequality in the impacts on elective admissions

5. BUT there are limitations... We need more research to understand mechanisms

6. It’s a long-term process... Think about how inequality can arise throughout 

development, primary care management and secondary care outcomes



Thanks for listening!

Feel free to email any questions or comments 

Jessica.kurland.15@ucl.ac.uk

mailto:Jessica.kurland.15@ucl.ac.uk
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